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An overview of 3D generation based on score distillation sampling

YANG Linlin", JIA Boshu , ZHOU Xiaohan, JIN Libiao "
( School of Information and Communication Engineering, Communication University of China,

Beijing 100024, China)

Abstract: In the technology-enabled cultural communication process, 3D content generation has become
a research hotpot. Thanks to the rapid development of diffusion models and parameterized 3D
representation models, 3D content generation technology based on the optimization of 2D diffusion
generation models has produced many amazing results, in which score distillation sampling is an
important link in optimizing 3D content generation using 2D diffusion loss. In this paper at first the
diffusion model, 3D representation methods and score distillation sampling were introduced. Then the
representative works of 3D content generation based on score distillation sampling, and the improvement
works for the shortcomings of score distillation sampling technology were summarized. Moreover, the
results of the related works were further elaborated on. Finally the possible improvements of the works
and prospects for applications in other fields was summarized.
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