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From cross—media to cross—space: the development
of affective computing

WEI Qinglan, LUO Tianchen, ZHANG Yuan
(Communication University of China, Beijing 100024, China)

Abstract: Emotion is the core element of human intelligence activity perception and decision-making.
Affective computing is an important supporting technology for humanized interaction and emotionalized
services in intelligent systems. This article focused on the rapid development of affective computing
technology towards cross-media and scenario-based applications. It first introduced the progress of cross-
media multimodal affective computing. Then, it proposed the concept of cross-space affective computing,
based on the dynamic frontiers of cross-space technology, and points out the challenges faced by cross-
space affective technology. Finally, it presented a mapping and computing strategy for emotional features
based on the Pleasure-Arousal-Dominance (PAD) three-dimensional emotion model and Hellinger
distance. This cross-space affective computing strategy can be used to quantify communication
effectiveness and provides new perspectives and methods for the field of affective computing.
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