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An overview of image editing based on diffusion models

MAO Qi’, FANG Zhen , CHEN Lan, CHEN Haokun
( School of Information and Communication Engineering, Communication University of China,

Beijing 100024, China)

Abstract: With the introduction and rapid development of diffusion models, these frameworks have
begun to challenge the dominance of generative adversarial networks (GANs) in the realms of image
generation and editing, thanks to their highly interpretable mathematical properties and the high quality
and diversity of their outputs. Image editing based on diffusion models is emerging as a research hotspot
in the field of computer vision. In this paper the task definition of image editing and the basic principles
of diffusion models were first introduced. Then the developmental trajectory of image editing techniques
based on diffusion models was categorized and detailed. Furthermore, common evaluation metrics and
datasets used in the image editing domain were reviewed, and both qualitative and quantitative
comparisons of classical methods across various datasets were provided. Finally, the current state and
prospects of image editing based on diffusion models were summarized.
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