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Abstract: With the deepening of research on Chinese culture and the development of digital cultural relics
collection technology, the amount of cultural resource data and cultural digital content has also increased, so how
to store, manage and retrieve cultural data has become an important task. In order to solve the problem of low
retrieval accuracy caused by scale change and feature selection in cultural relic image retrieval tasks, in this paper
a cultural relic sub-image retrieval algorithm based on folded multi-hollow pyramid pooling and attention
mechanism (FMHPPA) was proposed. In order to solve the problem of scale change in sub-image retrieval,
FMHPPA model extracted multi-scale information from image feature extraction module by optimizing folded
multi-hollow pyramid pooling. In order to avoid the impact of dense local features and irrelevant features on
retrieval performance and accuracy, FMHPPAM model used attention mechanism to select key features for local

features. The model ablation experiment and performance comparison experiment were carried out on the
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constructed sub-image dataset, and the experimental results achieved better results as the mAP reached 85.3%.

Keywords: sub-image retrieval; hollow pyramid; attention mechanism; feature selection; image retrieval
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