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Multimodal fact—checking based on large language models and
vision language models
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065000, China, 2.New Laboratory of Pattern Recognition, Institute of Automation, Chinese Academy of Sciences,
Beijing 100190, China, 3.State Key Laboratory of Media Convergence and Communication, Communication
University of China, Beijing 100024, China)

Abstract: Multimodal fact-checking aims to combine multimodal media content to extract valid
information to detect false information in the context of social media. Aiming at the problems of over-
reliance on domain-specific datasets for fact verification and weak interpretability in terms of image
understanding and semantic similarity comparison in existing studies, this paper proposed a novel
automated multimodal fact-checking method based on a pre-trained large model and conducted
exhaustive experiments on the publicly available dataset COSMOS. The results show that the method
achieves an accuracy of 0.859 and provides clear justifications in every verification, which provides
higher accuracy and stronger interpretability compared to traditional baseline methods. In addition, this

paper also deeply analyzed different method variants and various false information discrimination

EEWE : W5 E G TTRI (2021YFC3320103) 5 ARG 5 1495 R 58 3 pd 520 2 (i R R 2) TP R (SKLMCC2022KF002 ) ; [H % H 44t
FAE42(62272460) 5 b AU AN EHE 42 (4232037)

TEEB N (ABEWAEE) KA (1998-), 5, EFEINFERUZBGEVIFY . Email : zhangpengpengwsh@163.com; 55 (1991-) , 55, 11, WIWF5E 5,
M EHLIE G BOEWF5E . Email : bo.peng@nlpr.ia.ac.cn; ¥ 4% (1983-) , 2, fi- W58 5, 2 A F G AL H A=) | 21 WV‘J S
%Y. Email:jdong@nlpr.ia.ac.cn; 25 (1994-) , 2 11 RIWFST 51, F BN 3404 i AL FE 5 5 hF5Y . Email : haonancheng@cuc.edu.cn

3‘—:?—&



20244

R 3=

HAH, T RIEH A S0

0 ) A S A A 31

WA

scenarios in the dataset, verifying that this method can flexibly cope with out-of-context (OOC) detection

in different contexts by the strong capability in semantic understanding of multimodal information. With

the continuous progress of large model technology in the future, the method proposed in this paper will

show more excellent performance in the field of fact-checking, which provides strong technical support

and a new idea for fact-checking of multimodal media content in social networks.

Keywords: deep learning; large language models (LLM); vision language models (VLM); multimodal;

fact-checking

1 35

E IR X R A S AR 1 PR A R o T fin A6 B 1Y
5 EARBORTE 9% 07 XAy TRl ok R AR A B A AL HR 42
TR, RS SEEDR M  5 P R,
il A, AR T BRI ) RAE S . — D DA
BRI g ek AR P 2 L A2 BT SO TN ARG
B (% G0 AR ARG I 7 v , B P9 B AR ol S 1 P T
SBOMELIDE S Z IS A IE . 55—y T, 7EAL A 4K IR
B R MG SOR PR AR BS WOR AR 2 M . 3C
AR 2SS 4 T b IR TR UAE 2 T EUR N AT
SCAS HAT EUOWAL S A5 B AT SR 5| g, PRI A AN )
RS I R PN 25 LA BT 2 2000 8. 380 32 B 1 Y
HMIFFEIAT A OCTE . B & KRB 5 N T8 A il
Rt KB R SR, 1 20 15 B IR B 27 > W 2 RS
TBAR SARI J7 EL AR AR 4R 1, B AT Y = ST AT R
W5 R T AR ARSI Jy 1 R g S A A (fact-
checking) J5 i W~ J5 ],

BT N AR R I 7 12 B A R TR B 2 > i
REYFRHESLICRE TT , 53 30 A G 5 SOA R B A
ST AT A (IS 1R A% 15 5 RS AR i
A5 BB = SRR, B XA DB 5
SUR TR P Z S A ME LSS B E 2 Rl &
(4 T R, Jin SFWEE T — Rl EL A B T AL B9 RNN
B DA ok FSCAS UG A 2275 5 A RRAIE >R 52
B 5 RN AT 55, T B AR A AR I B B T > 22 8
BEAEE BTV B0 T A R A TS
PR S 22 (8] ) AR S, Khattar 55900 FH 2852048 7 H
St a2 > B SO L TR R0R T & RAHERE R
IS S 5 22 [ (A DG |, I L 5 o A & LUK
I A o RV X 2 T vk B0 i 31 it At 1 31 LR
I8 1y EL AR, (H 52 BR T I 2R S AR 5 Jo 2 AR 2 R
PR A BRRAE LR A e 0 455 o [RIR, 7 A
S BRI BRI AR D SR s U1 2 04 7 vk
DA R G I 397 £ 30 P 1

il

R T R IR, S5 S A R e e U A
BN A, RIS AES B EAR IR h R &R A 5L
PR G K SE R SR T A% S5 B A AR, AHX T
FET BRI 7, 3] D A A H 1 By
B i, JF HsE (5 B B P R AN T SO R 1Y)
W, (RIS R T INAT 5 SEPR . B X R T N A
I 7 B SR WSS R ERG [A] 3, Ml ler-Budack 48142
T — RIS TN SR 1) S S OC R — Bk
K RS0, ARG H ol il a4 SRR N SCA
ISR B B A R 5 | B rh R Z s S SR X R (1) 2
FEUE, R RS B R S 275 B Z D]
(R REARLJEE 58 J— A

ARSI B RES _F 3 (00C, out-of-context)
o i = — 2R LI LA s, 78 OOC 1 i T[]
— Il S R 7 A B 22 IR 3 e R AN () R 2
5 Lo T EURICT Zad g s o, 18 (B AR
i TEAE A M 48 T i 5y 7 R R E T . Aneja S8R
A& T 5 [F 4 A1 Fact-checking 9 3 iy 45 Rl AR
SCAS L B )BT ), A8 T O0C A I B 2 I 4 4R
COSMOS., TEIZHEHREEH , C1.C2 53 3| F7m A [F] R 8
(R BSOS 138 7 IR AE 3 R A SR U v 14 ) — 1 141
15, I an B 1 S 1, AR B SO IR 1 H AR —
B ABTETE S B R HEAD , AT A OOC 1 5 11 %
18] 2 vh i 9 B SCAR IR 1 H AR T A — 3, Toid AW

R T KA, PO v B e S AR I T S
(NOOC, not out-of-context) . [f) 5, % H B\ if £ X%
COSMOS & 1 T —A> A W27 2 Wk 7 s . %007
2243 RN GRAnI PR A B B, ZE VI ZR B B A1 H R 28 1
2 B AR v R R G b B R bR 5 G R — Bt
T SOAH O SCAS I — B iy LTG5 SCAS 3 G i 2 BUARE
fiE, I e R Ak B AR5 SOR OGSCAR B AR ARLEE () (7]
B B /b B bR -5 s OTE X SCAR B AU o i A
BB B, WK C1 L C2 IR e 4 % )5 DE FE P14 T v A AL 2
KR E AR, 5 P0 B AR T (ToU) R T A ¢, X &
WK T B SCASA AR (R AN — B0, DR I e O
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S NOOC ; 4 i H 5 ToU 1R 3% 55 T t,, W 75 22— 25 4]
Wr C1.C2 i SCAHARLEE 2 A5 T t,, o5 0 D 3 B 7 B S
ARSI G —BUAIE ORTE], #CH 7 2 00C, e =z 0
HNOOC, {EFERERE, OOC KM Jr ik RENS ) 12 Wi

Case 1: Out-of-Context (OOC)

C1 : Barack Obama, Melinda Gates and Anthony
Fauci at Wuhan Lab in 2015 for ‘Bat’ Project.

FHARAET 21 H A 3 E ) R A AR S AT 55 vh LI 3]
PGt R ik 1 CUN TH EHT D) B 0, 2 2 0 — 2 L5
ZHEISCROLT X o — 1 [R)— gk PR £ 0 41
A8 A SCAS P HEA T 3]

Case 2: Not Out-of-Context (NOOC)

C1 : Amanda Faliano, left, during a birthday
celebration for Dobby at the Denver Zoo.

Model (Input) Pred
(Case 2)
Lang. Model
(c1,c2) ooc x
Qurs
(1,C1,C2) NOOC v

C2 : President Obama and Dr. Fauci visiting NIH lab,
Maryland in 2014 to learn about Ebola vaccine.

- . =
C2 : Dobby, the baby giraffe turned a year old today
and was also given a birthday cake.

1 OOC/NOOC ‘REE (EiE B 3 #k[14])

JRUAE — 2 0O IRUGURFAE S BUR TR S8 )y
THI 2iCHE T OOC 114G T 2 Al 40 00 4 B A 2 4 7, {HL
TZIE Ty 1 1 s SO g S A A Sl e TR 4 L 0 EL
T A% T A 0 SCARRLRE TH8 0y it ] i B AT sk 45
55, VAR, B ETERE T A ALE A TR R &
&, OpenAI”" ™ JF & T — 3K 8 1) K iE 75 Bkl GPT-
3.5 951 2 g, Hmi bR Y SCAR AR R RE g AR B A
A ITE N TR RS G S T 7 12 50 . A ARLIL T
TRBE > R 3 3 I it o 10 SCAS B0 | BB A5 47 42
TR S R B AR TR 2 R AE S, I A B 4 SCAR
25, T S B AR T8 55 10 e 20k b B (E K3 5 A Y
W EALBEAN L SCAS . 53— i, R A AN [ 2
JAR P BB A IR A L S R A5806) 5 14 ) i, Li 450
P T — N E A Q-Former, 1245 18 1o A 20
H A W EUER S SOR B 2R B RO , 1 Dy
T 2B TE F KB BLIP-2, X @R T £
BREASAT BRI R, AN [ R 2 ) I s Uit T
RGN 3RS DL BRI Tz N S 5, X
SIER L R S S A R T R A O SRR i

BT LR TEE S AR SCRE R R T I 2
KAL) 2 0 35 SEA% A 7 s, R Ao 18 5 B A
BLIP-2 Fl K i& & #&% A GPT3.5 78 2 JF % ¥i %
COSMOS b AT 15256 , TS A 1 85ds 4 v i B
TR A, Zead RGeS IR UG b Bk 42
7] (prompt) #1157 28 A1 H] W Jr =0 1300 245 2 1) 5
M, S ZHUS T 0.859 A IE#1°% (accuracy ) H.AEWE 1E 4
UAZ AT 25 By SE B T LR MR T A R . Rl
B KB GE T AW 8, A ST 4 S A ik i

BORA BAIE AR — LT X A W 4 b 2R
URCUA N 5% 4 1 S B oy BRAAE T B SR 6
2 FHiEiEt

ASCHE B AR S S R R 2 TR, A
5 SCAS A B | PRI AG 18 SCHL fige ] SC vp 58 K I = A AR
He, %o hets e e n] G845 o0 T L (8 Bh T
YNGR FRARI N 25 7 1 — M MR TR B SCAS C 1L C2
T O0C K o ELAAKHY | By SE7E SCAS Hi BRAS B vp ) DBy

C2: The image is talking about Julian
Castro at his announcement in San Antonio,
C1: The image is talking about Julian Castro
at his annowncement in San Antonio, Tex., on
Saturday, Jan. 12, 2019.

FE R I T
—8: & i ! —5: £
————— - GPT3.57 J& i i % GPT3.5— B A 1% ?—————
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WG T R ) 2R T A 33

Cl.C2TEIBE X F R/ JESUE ™ —3, AT EH
AN—FUUHE A OOC , 251 1 —BUH AT & WIH
NOOC X Ho At 175 10 W) 32 — 25 1) FH AR o SC P fipp A
BB BUENR 118 SURAIE I 2638 i SCAR €O, SR JE 7E ]
S SR A R 45 CO L C 1R C2 A 40 i 1) 2 45
SR IR A 2 A ) R R

2.1 SORHEPEBSR

OOC Fa il & 7EH1 5] C1 . C2 & 75 % i) — H A7 it

J T AN TRV SRR B2 1 5 S, PR A S O T SOA

AE. WRCL . C27EW L BN T E HA—H
f8 AT AR JC TS AT R SO0 T B HHE
OOC; [, X4 C1.C2 Friliid N A — U H AT i, I
FLHR A NOOC, o 1 il /2 i SO R A 1B 1
it K, SCAS A PR B AT X AT B AT B ORI AR A
GPT3.5 Wit i , LLARAT 1 B SCA 8] 1) 2 J Al —
BOCHKR . T il GPT3.5 HURS o 1 35 4k 34T 55, 5
T 52 SEBR T B A SR PR AN T T Sk d8
BRIV E B 03 3 18, SR 05 F4 Hh FLIAR )T, AR 5 12 %
ELOENTi e/ (Tl A

a. SCATF G FIWTH 75 1A) «

“You are a detective now, I will tell two proposi-
tions and you will respond with whether the two propo-
sitions are contradictory.

Proposition A: [C1]

Proposition B: [C2]”

CBUAEAR R — 2 AR, B 5 R IR I il %
] A X P i R AR P I

AT A:[C1]

i B:[C2]")

b. SR —ZCHI W iR n]

“You are a detective now. I will tell two proposi-
tions and you will respond with whether two proposi-
tions have the same semantics.

Proposition A: [C1]

Proposition B: [C2]”

CBUAEAR R — 2 AR, B 5 VR IR P il %
B A X P i R AR — 2

M A[C1]

firdil B:[C2]")

HrP [C1] L [C201H5 2 4 X Ry 1 SCAS BT AR, 72
GPT3.5 W B4R /R 1A 5 23 15 S 101 52 “Yes” 5 “No” ¥
RELLRIRFNWTES R 3536 A L i R A B e

2.2 PRiE SCRRR e

MSCAR YA TG B AT R A A OOC 1 1
B, D05 24 B UG N A AR e Rk Hl . ISR &
B BLIP-2 ANH 76 L 52 7] 24 413k 2% LA 5, [] Bof L
N MG OCR A T RE . P T 34 AL
G AE B, BRE SCH AR BT A BLIP-2 Wl 254K
R A 6 RS T SCFE4fiad Co.

2.3 BScobsekriie e

HRAJE OOC i iy 552 s 3 AT 0, AR ot 2 7 4]
SE 24 B SCA A R ) — i PR N 2 5 R A v e . [
SCifr g AG AR A B GPT3.5 38K (14 [ R 15 7 HL g A1
AR AR T, XU SCAAE B R BEFE 191 Bl 1
11 OOC Kl F 7 i 4 F

“I tell you the content of an image and two para-
graphs of text. These two pieces of text are used to ex-
plain the content of the same image, and you have to
judge whether the two interpretations of the same image
conflict. {"Conflict": "<Yes/No>", "Explanation": "<>"}

Image: [CO]

Text 1: The image is talking about [C1]

Text 2: The image is talking about [C2]”

C“FRAG VPR — 1 PG B SCAS 33X P B SR
JH SR fit ¢ [v) — M P 450 ) A, AR 22 D ik e P4
I PIFP R R R g LR < /A>T, A
7 <>

K% :[CO]

XA 1:[C1]

A2:[C2]7)

L [COTHE Bl Pl 51 SCHR A 5 e v AR A5 1 SC A
IR [CT] [C21KE B It 4 i A 1) P BB SCAS i B AL
[FE, 24 GPT3.5 Hell 2 e n i) J5 23 1 56 101 52 Yes " a8l
“No” FHE LK S A B SR b 5 1 H W45 2R (G o
RMHATE S 00C, L ZMH%E I NOOC) , 17 2 H 2
A T A B

3 EHETE
31 SRR I

COSMOS 2 — FHF O0C KM AE 55 114 /> FF- 55 4
£ TAR SO TN, S A 5 4 1000
g P15 5 L 7 1K) 2000 B SCAS ARG I 5 A o AR i 1
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5 1 BLIP-2 7% JH blip2-flan-t5-x1 fRAS , K iF 5 #5550
GPT-3.5 i Jf] gpt-3.5-turbo WiAS , Ho& S0 e SCARMEHE
B 1 R BROA 7 B S0 g R AL e i B GPT-
3.5 2% temperature 4 0, OOC Kl J&—Ff — 43 24T
5 A SCAd 2R 5T 43k H FH Accuracy $8 bR BEAG RS
PERE . AL HE T Python3.8 it B AR A< 4 0.27.2 (1)
openai J& , Jf 1 F§ ChatCompletion 2§ 7£ £k i H Chat-
GPT Yjfg, BEW 4 FH sh X Rpill B E T4 A

3.2 SURasR

7E COSMOS Ml 4 X HE 1 AR SCO7 i iy A~ 78
AT Aneja H BA BT 42 H ) BEZR D7 ¥E, P A SO vk
R TT I LA -

COALSCAERE Sy 1 A SCAHE BT 05 HAE K
W A A SCAS B A AE v 28, SR LR 327534 <

“I tell you two pieces of text. You have to judge
whether the two texts conflict. Please answer in the fol-
lowing json format only. {"Conflict": "<Yes/No>", "Ex-
planation": "<>"}

Text 1: [C1]

Text 2: [C2]”

CFRAVRIR P BOCA o ARG 2 W 3X i B SCAS

B, HIHLL T json A2 M {“whR”. “<
SR =T BT <>

XA [C1]

A 2: [C2]7)

HrP[C1] . [C21Hs i S I i A B PR B SCA Fir A
24 GPT3.5 Y B4 7~ 1) 5 2 8 S 2 “ Yes” 5k “No”
FRE DL FEIR I SCAS ST g A A B 43 SR (R b )
FIRE A O0C, L Z MIH7E A NOOC) , 1 J5 25 H shfi e
VE HZ A8 R

(2) G T8 BB i+ SC b 2460 - ok 7843 F IR
A5 Bk H i A5 B A AETE vh 58, 5255 S8 R
BLIP-2 Tl Il 2445 7 A 6] EIAE T I Sk o, 4R
W CO R A A B R B SCAR TR sk A 2.3 15 BTk A
B S p g g S e, LLEAT OOC/NOOC 1 #1151 5

MR ZE R LU, 5T GPT3.5 BAUSCAS HE
PRIV TR A B LSEAE E , HIE A R ms AL 3
220715 5 SE M BLIP-2 47 BUSE L FRAR AR 5 e T ]
SCP GG I ) TE A 5 R Oy i RO R R A R AR
SCTEEETTIRAE LRSS N T3 ik M R A~
AT o XU AR TR T k  ead BN ZR R

BRI BE6Z TR A M I e A RUR 5 SO TR 8 3 G
F I HARSCES G SUAR MR | B SRR 1S 58
I 4 7 vk R L AR A 7 R B A RSOR B in) ik
7 SR BT/, REBEHERS S OO C Kl .

#1 TEFEFE COSMOS #iE FHIER

PO RS

Sk IR
FLLk gk 0.836
A HEEE 0.797
BG AT SCHER fift+ B SC i S A 0.830
R 5ERE T 0.859

3.3 Silsrbr

RS2 IH Y COSMOS AR FEAS , &3 OOC fi
TUAT 2324 LAR PRI B0, 43 302 PR B SCAR P 4% i 1]
G B ASTE] E bR R PR B SCAS P 286 07 LA v i R ()
Hos, Hoo J5 & W BSUAR B 6 R Xn o — 80 B
AN FE =28 o A SO IE SRR R R ) 2 BE8E Bl X
PRfFRE T , BRABTEA R 22 58 T 58 i OOC R AT:55 .
3.3.1  PRBLSCAR NG UG AN [R] H bk

COSMOS i 5 1 4 5 960 FEAS (ULIF 3) , FL(H
FR% I NOOC :

B3 COSMOS Wik &E 4 S 960 H A E 5
C1: Women stand in line wearing jew ellery, blue

dresses and multicoloured headwraps in Mali

C2: On the same day, gold miners wait backstage
at an event in Mali

(CL:AET B 2T BR 52 B 5 0 (AR AR
S BUCTLS (RR SK iR A

C2:[Al—R S B —iEsh b, &0 T AT

G )
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ARSI P A SOARHE R b R SO A
WIEASSC P SRR AESCAR TP TR 753 015 No,
these two propositions are not contradictory. They simply
describe different groups of people and their activities in
Mali.” A, XU AT G . BEATR R T 5
B FE RSG5l T8 SR — B Wi 74 32 7]
% “No, Proposition A and Proposition B do not have the
same semantics.” (“A~, il A Flld B 15 SORALRL ),
UL CLL.C2ATF i A3, DR ZAE RS X
PR A RO EHE I AN women in blue turbans
standing in a tent” (“HE B Ak 1D 0 Leu ek L)
SR IG A ST S A R AT e 2 OOC )51 25 2R
“{"Conflict": "No", "Explanation": "Both texts mention
Mali and the image shows women wearing blue turbans,
which could be interpreted as headwraps. The difference
is that text 1 mentions gold miners waiting backstage,
while text 2 mentions women wearing jewelry and dresses.
However, these details do not necessarily conflict with
each other as they could both be happening at the same
event or in the same location."}” (“{“Wi5&” . “&”, “Bilh .
“PYBOCARFR SR T L [ER s B R O W Sk iy
1AL X ] AR AR R kMo ANTRIAY S, SOAS 1428 17
JE BRI AT T MSOR 2488 THUE R E P51
AL, SR, SX LB I A —E R e, A A
EATTAT e & ATE A — 16 S [F] — s b ") o

HI 45 2R AT, AR SO TR RERS S8 IR [F] — H ARdtig
Y3 B NOOC HIZE , I-45 th C1.C2 Fili ik 45 L [
NOOC HI5E J5L A .

3.3.2  WBCSCRHIAAATE H bR

PSSR RA —BOCHR

COSMOS M4 45 11 FEA (MUK 4) , B AE AR
% NOOC:

El4 SAWRAENRRIZEFZHREZE

C1: Tuk-tuk car parked in Bangkok because there
are no tourists

C2: In Bangkok, tuk-tuks that used to transport
tourists around the city are seen idle because of travel
bans and border closures during the pandemic.

(Cl:l TRA U, W52 4

C2:7E 2 4%, i T I 8] B R A7 45 A 45 ¢
P, it 2 ok a 14 i 2 B RIS - e IR )

AR STV T SEAE SCAS HE BRAST He v R SCAR A B
IR A SCF BYTE SR FR 78 SCR 7 i H 18 i 45 31
[7] 2 “The two propositions are not contradictory, but
they convey the same information in different ways.
Both propositions suggest that tuk-tuk cars in Bangkok
are not being used for tourism purposes due to the pan-
demic.” (“3X P~ IF AP & BB AT LUARIR
HALE THFEER . X Pl &R0, h T
5 JLEAL 5 A P R AR 2 50 ] Tk i H ™) L 7
SCAS — BCH] W i 45 2] 8] 2 “Yes, both propositions
have the same semantics. They convey the same mean-
ing that tuk-tuk cars in Bangkok are parked and not be-
ing used due to the absence of tourists caused by the
travel bans and border closures related to the pan-
demic.” (“JE /Y, X > AR A A R AY TR S EAN
He ik T AR B2 SC, B e T 5 R 1 A S AU iR 47 45 4
MBS, B T %, S A R 44535, 0
NEH ) XU CLL.C2 R JE H—3, Bkl B
A IZAEA 5> I NOOC

AL AR SCT7 AR P SCAS HAT A )8 SCRY S B0 T
XF—BOCRAEH T R BT

QW A IR BA 5 E K F

COSMOS MRS 4 5 3 HUREA (WL 5) , B
P4 00C:

B 5 COSMOS MiX&EF 4R S IFEARE %
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C1: A shocking report about the former child actor
Kirk Cameron was just another hoax from a well-
known purveyor of satire.

C2: Actor, musician, director and devoted follower
of Christ, Kirk Cameron, has been stricken with an ex-
tremely rare form of what can only be described as a
biblical disease.

(CL:—J KT H L DA 5 - R MR Y A%
Pt B IE FUE— M A4 IRV E S 89 X — 50 )R

C2: {8 B AR 58 3 T R 1 S0 52 08 B A
v R b T — MR LAY X R 2
REBH AR Ry 22 2T 95 )

AR STV T SR SCAS HE AR b R SO L
FIWHAEA ST W SORFR 7R SOR 7 & F Wi 5. 21 o]
£ “These two propositions are contradictory. In Propo-
sition A, it is stated that the report about Kirk Cameron
was a hoax, while Proposition B claims that he has a
rare disease.” (“IX WA EUE T G I . EaALA T,
KT T - RS A TE 2 — 3% W S5 , T B i DU 75
PRl JAT 5 P ), A8 SCAS — Z5OH Wy i 453 2] [m] 2
“No, these two propositions do not have the same se-
mantics as they are talking about different situations.
Proposition A talks about a hoax report involving Kirk
Cameron, while Proposition B talks about Kirk Cam-
eron being affected by a rare biblical disease.” (“/,iX
PRI it 1) 2 SCAS AL, PR B AT TR 8 B 2 AN [ ) 17
Do Al A BRI Y — 13 B ] v - RARHAE B A
R, M B RIS B2 v - R A 52 3] —Fh 5 L
2R B PRI ) X B CLL.C2 ¥ JE I H C1 2
Xt C2 AR AE , B A] B IZFEA S E 2 O0C.

PR, A SCT5 125 BE A8 B SCAS 0] 9 75 22 1 S, A
M4 i C1.C2 A7 AER) OOC [,

QT SCA IR AT HM FE I

COSMOS MHRXLE 4 5 O FEAS (WL 6) , FLIE AR
% HNOOC:

I:

C1: Julian Castro at his announcement in San Anto-
nio, Tex., on Saturday, Jan. 12, 2019.

C2: Julian Castro at his announcement in San Anto-
nio, Tex., on Saturday. Mr. Castro, the former secretary
of housing and urban development, would be one of the

youngest presidents if elected.

(Cl: 2R M2 - R 2 F20194F 1 A 12 H £ 1]

B 6 COSMOS Wik 4 S 0 AR E K
INTEFESE BTN S 7R Je B R R i

C2: JH7N AR 2 - R ke B EAE e BTN 3 2 R
JEBLT R W] o AR G 3k, A b5 M e SR AR
RIS O AR R BB L —)

AR SCITVE TS AR SCAS HE BT H b R ] SCAR R B
FIWTREA SCF I SR AR, 7SO TP JE FIWT N5 2] [1]
4 “The two propositions are not contradictory.” (“iX %
AR TG o7 ), AR SCA — ZOA] B I A 3 ] 24
“No, Proposition A is simply stating the time and loca-
tion of Julian Castro's announcement, while Proposition
B is making a statement about Julian Castro's potential
presidency. These are two different propositions with
different meanings.” (“/A, @l A H 2 A7 5k B R
2z - R W Re 2 ke 3 P WY 8 IS [ 1k A5 TG i A2 B D)
Je KT ARG - Rk B ] BEHAE B RIA . X2
PSSR i L, A7 26 AN TR 2 3L 7) X i €1, C2
AT JE HA—2, P 27 BRSO R e
He B S B SCAS % Bf “a man standing at a podium
in front of a crowd” (“—/NM ¥ E ABEHE HT P& LY
BTN ERJE F B SC b S A AR B 3R A5 B 4 O0C
H 5 45 S “{"Conflict": "No", "Explanation": "Both
texts are talking about the same event and person, and
provide additional details such as the location and date
of the announcement. They do not conflict with each
other."}” (“{“#hge” . “4&7 , “BLH " “PHN CAHERTEIR
WAl —F R — N RS A T HAd A0y, & A
AR H . BT AN "y o IRIHFEA ]
AR SOT A RE RS e I A SO [ A SE R R L O 58
JEHERR I NOOC Hl & .

BEA, H AN FE S R A SCARER 1l REH B 3]
TP SCERIFAEOLAN , AN SE RN B AT G 5L,
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FOOT, &5 3T R F RS

WU I ) 2SI 37

W] Bt BEEA HEAB PR A SCAR N2, 2 OOC TR LY
WL, BASKE AR E PR Rl SR BUAE L
45 OOC/NOOC HIE , -4 Hi % 1 1 e A e e

4 n_.\,|:| HETJH

ARSCHEH T —Fh I T I 25 R R G 2 AR
SEAZ AR T IF R NZ AR A T B 4 COSMOS |
VEAT T 5256, BUAS T 0.859 1) Accuracy H.HE % 7£ A YK
WA s 25 3, AE X 2 T vk EA o A A 1 AN
AR . [RIES AR SRS AN T B0Hls 4 h A TRV
) R BT EF 0 5 5 R T AR SO i R R £
RESAE Bh UM AR T, BEMEAE AR B 4545 T 52 ik
OOC L5 .

B B, 78 I SO i #h 78 ¢ 2 1 17
T AHOCAT R A AT HE A 00 7 AR R S PR L
PRI, H5E B Tk, ik S 4 15 {5 538 5 ME DLk 4
THISCER | oA ok I A TE i 4 4 2 55 2 2% 6] SCRGr 6 0y T
FFRAMIGE . AL, MEEA 53 NOOC I, {L fig b
WIAR 98 4 11 2 7% {5 BT HI W A [F] R RAR BAETE
M AE PR SOAS AN 15 8 A DA AR 7 e i — 25
S, PRI G ey 58 Jon & 2 LA b o 2 A8 S5 S AR A AT
55 AT AR 3 AT 2 FATS AR SR 118 B 1 P [ A
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