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A novel generative Chinese summarization model geared towards
news text generation

HAN Shanshan, WANG Shenhui’, WAN Lili
(Beijing Jiaotong University, Beijing 100091, China )

Abstract: The technology of generating Chinese text summaries aims to address the issues of information
overload and redundancy that are brought about by massive amounts of Chinese text, with the objective
of enhancing the efficiency of information dissemination and facilitating readers' access to information.
This article proposes a Chinese text summarization model, named SimCLCTS (Simple Model for
Contrastive Learning of Chinese Text Summarization), which is based on the sequence-to-sequence deep
learning model (Seq2Seq). SImCLCTS mitigates the problem of exposure bias caused by inconsistencies
between the learning objectives and evaluation metrics of the sequence-to-sequence model by
incorporating an unsupervised evaluation module that features a contrastive loss function. Comparative
experiments demonstrate that the model significantly reduces exposure bias and achieves excellent results
in generating Chinese text summaries for news articles.
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