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Interpretability analysis of image aesthetic quality evaluation model

DONG Boyan, LI Xigiao,JIN Xin"
(Beijing Electronic Science and Technology Institute, Beijing 100070, China)

Abstract: In the development process of image aesthetics quality evaluation, a large amount of scientific
research work was used to artificially design aesthetic features in the early stage. Although the current
deep convolutional network reduces the manual design process, the model becomes unexplainable, which
affects the aesthetics of human beings’ cognition. Therefore, in this article, by using the existing
interpretable algorithm, a certain explanation is made on the aesthetic single numerical evaluation model.
This article uses the gradient attribution method to visualize the areas where the original input image has
a significant influence on the classification results, which is of great significance for proving the

reliability of the model and discovering aesthetic rules.
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