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Overview of video highlights generation technology

DONG Boyan', WANG Shuqi*, JIN Xin'

(1. Beijing Electronic Science and Technology Institute, Beijing 100070, China;
2. State Development & Investment Corp LTD, Beijing 100034, China)

Abstract: Due to the popularity of portable shooting devices and the promotion of social media
platforms, the number of videos on the Internet has increased explosively. Video highlights generation
technology can analyze the given video content, automatically clip the highlights in the video, and reduce
the resource pressure and cost of manual video processing. This paper sorts out the relevant research
work of video highlights generation technology, introduces supervised learning methods and unsupervised
learning methods, analyzes the advantages and disadvantages of these technologies, and finally introduces
their application value in real life.
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