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An Overview of Face Image Super-Resolution Based on

Structural Priors

Wang Chenyang, Jiang Junjun, Liu Xianming
(Faculty of Computing, Harbin Institute Technology, Harbin 150000, China)

Abstract: Face super-resolution technology, also known as face hallucination, can recover the
corresponding high-resolution face images from the given low-resolution face images. It has a very
broad application prospect both in academia and industry. Human face is a highly structured abject,
and its structural prior can provide the network structural information and then facilitates the
execution of face super-resolution task and improve face super-resolution performance. In order to
understand and master the development status of structural prior-based face super-resolution
technology, this paper systematically summarizes and categorizes it. From pre-prior, parallel-prior,
in-prior, post-prior, four aspects of the structural prior-based face image super-resolution technology
are summarized. Finally, the paper analyzes the problems and challenges deep learning face super-
resolution technology facing.

Key words: face super-resolution; face hallucination; structural prior
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