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Abstract: As a relatively new research approach in communication studies, computational communication
has considerable potential and experiences a rapid development in recent years. This study analyzes 252
computational communication research articles from the top 20 journals under the communication
category (from 2015 to 2019). By adopting the correlated topic modeling, six primary research areas
emerged, including social media analysis, investigation of diverse social issues, journalistic studies, social
movements and social participation, political campaign, and users' media exposure. This quantitative
review also sheds light on the domestic education of computational communication science. In the
theoretical aspect, we emphasize multidisciplinary thinking features mixed logic and context sensitiveness.
In the methodological part, we advocate the cultivation of necessary research abilities incorporating data
acquisition, advanced statistical analysis, and data visualization.
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REAR IR AT ERE 7 3T L R 1A 759U “iH 5 %% (computational turn)
[1-2], HEHEALRE (computational communication science) JN3Z1ZF5 M IK%), A K EIRHE H &%
RVER—3CH B FTHLR] o van Atteveldt 56315 9N 1 it EALIRRE SO B ZHFE: 25—, (R KA
BEHEZEREESE: £, IRBIREFEEE T2l (digital trace) BULAN “ HIRAKAE”
(naturally occurring) FIHE; 25 =, TEMBEZRIF R B0, WL AR RIRR
NBAEAEAT N BIPHIURHIE SRR, 28 = DURE S R A 42, 56 DUTURRAE N R AR T ih &
RS 1) N S EAR IXE . TIAE 1, Hilbert Z5[4)7E 438 & A [FRES K Bk EE i, A5 K
R “Ho 7 e R AL fR 2 B L TH BN T VR T i S2AMARAT 9 5 SRR AT L
Z IR IMFZE . BT (s fEZRHEFSRES) AN it 4% GEmft 7807787 AR E - AN BE B AL A 2
SR IRT R SCAS 53 BT ) BE 22 Tl e .

DMEGiAL R 22 SN S, R R E OGS L B B XA T 5 1% B A A 5
WIAEIT R BRI, AT I EAABNAER “FH” Feit. “WH7 2T 8RNy B
Je s S B A ERAL . ATH AL 3R 72 BB R ), A s A & B e P 3R AR N 2
LB WAEE, A/DHEIE U KBS I IR 25 2% H B [5-6]. MR ESTH7-8)55 8 AL “ &7
Hah U . 85 B A WAR AL 3R 5 AR 2B BN, Bl an 2 5E T A T BUA B I 45
F4 BT (structural topic model) [9#5 9 FH 2= 2 G AR 7 [ 10]; TH N 38 AH S EnR Bz H
B YRR BB i WA TR [11]e THEAR SRR SO N AR IR B) Jar ok = E i Re, BUl &&=t i
FE G658 22 FE 11 ) R F B R 1 7 iR A IS e AR 2R, dh xS BRAR A tH 2 &

5t AL R TN 0] BT A R0 2 v AR R R I K R AR T . AR RE b,
N MR 2 i A TH EAL FRAH OCIRRE OB AR R 2 Bl Rk R BRI B, — &7
THEAE FE 5T A A AR VAR, A BRI B0 T [H P54 2% 4> (International Communication
Association) HITHE AN E/NA  (interest group) T N4 (division) ;5 TEBFFTARHERE L
b, W SRR (Computational Communication Research) 55 TR — R YK ) AT
SR T T EAR IR T AR 12] VLN, AMERR ST FUE AR IR 5 W B “HeReid
7 4], AR T AL SRR AR AR AT STEM (BR2E, £0R. T, ) 8
WiE, EHEAARE R AR TR BTN, XA THEAARRT N KE KR i 4k
ik o

BT, ARFFAUNEA T T T EAE R R e H—, THEAAER R & AR 1%
G TR, B ZIAE T HHRAS . B4, AR ) I v AR R A TR S AR OGEAT
K WEZ, THEARRRIT I B S 2 A (e SR e S 2 A 2 A ATT T R 1 A SRR AN A3
AWML FL T, AR — TR AL AR, G RTHSAIE AE AR B RS 45 T [ N T BAE R N A S 7R DA
S5 7 FRATTRAZE SR ERE ) T SRAL 3R Tl 5 TR R A 2

2 Wt
2.1 $i



ZEETANAI[13-14], FRATA v it & 80T T o B 7R 7T SC R A& ARk, mrbL
A B BRit SAE 7 R R RTIR R S “Rads” o FRATFIFEMELEM (Web of Science) T [IHATI
Fl1EHR % (Journal Citation Reports) AT, EFAEFHE /KT 5 MK 1A 51T 20 A2 SSCI T
Mo 5 AR50 DR RH AT BT FE 52 e R 110 5 0 R S HROH R ISR I . S IR 1) 5 E AR 7 2
THEUERT (]9 2019 45, Y4B RE2E TR SSCLIATISETE 92 4%, ¥ 20 AE M NEE R R Tk #E
SSCI T —FEA 3 X (92/4=23) , HNIER 20 AWATF 5 EFm K 15576 3.0 DL L, HAREN
REE S WP, #E— D HRR 0 = H R 8F FETIY) Communication Theory 5755 i A R 1 T1)
Yl Journal of Advertising Research, #¢#%, 18 AXHTI BN NAHH 5T 1 3 e [

WL E RS T 12 AR T LB 7T AR 2R AN B rh ke 55 & ZE R I T AR RR T 9T 18
Lo HTEDEEZ, RATKIATIR S Ak R IGE S —30E N 20154 1 H 1 H2 20194 12 A
31 H IMRETIRE 5 FEmE 7, HFRRF “tik” RNPKRE R AR E N “computation” o 115
FERRIE TR S HIWTARTE R : 1. DTN B TR S0, HEBRE IR SE “H AR IR 5
Fis 2. WHREHRERIFEL AR “BE2” (i #HESC iED SO TR R (s 23k
AbEE S (PR B R (3]s 3. M Urvk b, b AuEH At iE (e B IR
PATFHAR PR E 18320 FH Python BE R S5 9m ARG 5, JR BRIE T-38 70 v SRAL R I 00 R A B i ok
ITIE VR EE S5, A AETFR ST AR T AT 2 J5 B o AT AT 55 . kAl BRATEERPhIE#H
FE THTIG A A BORIDIR LT A IS [ PRAZAE IR, EHPALAE B R AT e & Il FIBR 54 s, 3t
T 252 RTF AR B IS S (SRS, fE . IESCGHR) BN ik

2.2 Tk

MAZ VI FE 1) A, i 98 38 SR B AE 4 SCAR Al A R Y (correlated topic model,
JE SRR CTMD SR AN 1 SCIIFEEITE R . Blei I Lafferty[ 15146 H, J& T AR 50 & 43 4
(latent Dirichlet allocation) @A (J53CfEIFK LDA) 28 T LM RS ERR, #lin—F K
TR AR I S ] BRAE R IR BN, A KA BEE & R SCHIR . LDA Z 5 AR 73 HEW 72 e ik ik
FERR EEORBIAES (RURIL “8%” 5 “P” Mm AR “8ife” 5 “R30” 554
K, BT FEOCHER Y, LDA BRI\ A 3 B (A2 A BRI . CTM AKFE T8 5 i IR 73
i (logistic normal distribution) , JLJFREMNE 1 s, G — RIVERHERIA TG, CTM ¥ 2]
TR TR W T ZE 45K

V18 AMHFIRIFI AN 5 SE2MA K 7N : Journal of Communication (7.18), Journal of Computer-Mediated Communication
(6.27), Journal of Advertising (5.69), Political Communication (5.07), New Media & Society (4.97), Digital Journalism
(4.96), Information, Communication & Society (4.79), Communication Research (4.50), International Journal of Advertising
(4.13), Human Communication Research (4.04), Comunicar (3.83), Journal of Public Relations Research (3.74),
Communication Monographs (3.70), Media Psychology (3.65), Public Opinion Quarterly (3.26), Social Media + Society
(3.20), The International Journal of Press/Politics (3.11), The Information Society (3.10). GiiHs B A :
https://jcr.clarivate.com/JCRJournalHomeAction.action?pg=JRNLHOME&categoryName=COMMUNICATION&categorie
s=EU#
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B, wRREIEE, DRI, XTI EMS T EER, 250 RYERS R
DA NE A . N RN SRS D AT E, Wan TonSCRS d HIEE n AR, Zao AR T84 LR L
FERAMMEIHERN, KFRR TR, BBRE b ANTH (SR FAER ) « aTLLEH,
e —MANEHR U BB CORS- U ) AR R (FR-TAIEAE ) Beae. Ht—2
M, FEEECREF e (5 ELEIFGM Z T A RIERD |, WingtH K * K USR358 5 R
() ST ZEREE (2 BEEPE. CTM 5 LDA B4 Bt fE+70 2510, —H AR Z AET
LDA ) 3 8 L4512 AR o 7 2 A i AR i [16], T CTM U AZ 5830 TE 25 70 A1 b HEvE HS 32
FREL )

KT CTM B, Blei 5[17]85 CTM M T CBE)  (Science) JHTITIE R SCE (1990
19994 2 b, R CTM AR 5T ae 1 _E M LDA. {E#HIEIR B EIRRIEGE 1L
BAERT, CTM & —Fh i A EARIIERAR[15]. 7E Song Z5[ 1414 B 7L AR EE I 20 4R, CTM 1Y
KALBAG B AR, JCHAE CTM HH B SRR LBl 51 S5 4L S04 BT B A2 1R A T 1 5 Pl S AL 34

3 TR

Maier %5 [ 18]7E [1 i £& 45 U ] LDA J5 ik LG s g i — B 32T+ LDA (5 3UZ br (L
BAEAE. BARAEWIFEH CTM, 1H CTM i LDA KJEIMK, & T LDA HI#AE S5 CTM 1
SME—EREEE L. BTN R, RS HERE (EEBGBES
SED  BRAME VAL . R S A VR [18]. i, B S Bk B SRR S EE VRS 1) B ARTE 1A
BN, ATDAE TN —. SRS TR L IR X = T IR R .

H—, WERTIAEE. B e PAT NG e dfe, BRI IE W ERIA ST D 2 kR SC N 51 H A
AR, FFPATIA RIS, Bbr s, SRR (i, BRI, A 210056
BERONFEMEME  EEIE CKENTRAE  JdiEERE. BRI S MEaE s 7 5
B, SiiX—DS0, A RE 252 B SCRIH 19432 AR AR .

F, BMNSHORFES G .. SR EEE — RYEAEA, B RE AL R AR
et e AT ¥ e S48 AN SEAH G A PCERUER BT DU I LA 2s , 58 AR IEAR
R ZE ] DS B H S8 R . @R (interpretability) SARRUE BB AT 4N, FEIL R R2mm 3= @ AsE 7Y
IR . 5 FH B G 48 hn 00 45 1 ORI MEZR AR . SRSZIGTERISR  (held-out likelihood) & 7%
& (perplexity) o ANWFFUik 5 F S 2% BEAE A RAUA FIWTIRIE . 8 4% O T8 (1 ] S 4k,

3L SR B TR TR SEAR, B A Maier 55 (2018) FUAREE, 1R AFIRINSCA 5



B TERHR 738 10 148, BLH A 9 NI ZRafkl A s s AE 2 KM T s 14
BuE 4. Hk, EERREUESE L, AU FAKIERATTIES B (log likelihood per-word) 7%
AR e A PR E . SO B ISR BUAWLAS 2% 2 scikit-learn[19]F1 Gensim[20]H7 ()
BOANGOE, B EEER AL K 2. 3 90lER 1R FERE 3 U () Ak 38R B A 3] 1 G 4
IR BE LA IR A
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(F: ESPRENTEHERL, RAYFASERRNTERTI, ERKEFBA 1000)

i 2 foR, FRATH FEEGEVEEIBE N 10 & 500 FRBE E AR, BIAE R R T
B . EARE RO U R IR T Bl R BT 22 . N PRIE & B RO S 3 R

e, WU M E ERR ST 40 AR SHE .
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B 3 BAMAEX EARBEE IR B S
GE: EEHERERN 40)

B 3 A B B R B AE IR AR 400 S AR LSS, EIEA 660 I RIS f KM (-6.144)
B, e S AE R ISR S EURE Y 660,

B=, FEEBESBUEAL. £ LDA T, X3 AR EAR 4G Rank-1 B2, 2 TTE
[, MHCPER S Hirschman-Herfindahl $6%4% . H1T CTM 5 LDA AT 25, HARFLHER
K fw b, P FRATE SR AN 0T i 75 2R 4G 2 T i 2 R i S e e ). Bk
P 2B AR S RAFSCAS B RN 1T % 1 SCH ROBIE T UM 2 B 5 k. WS 5K CTM
SR SIS SR T . B4R T 40 N EE N 0 T iagm 5 ) Z M CH A, &F—
A RARER — W, T SRS RN R O S BRSNS ] o 1 A ] R R 40 e B
R B HIAH R R AR . sRIGI fT 2I I R RCR . T 0.10 BUE ARG R Bk A, AR
FRBUNT 0.10 BT8R R AR . Ny AF HiC IR ILIE AU, W 70 AR AL AH S AP T Y £ A5
Beortfe, #Eim A H 6 4> IS5 i .

#36: node, centrality, profile, mention, character
#19: followee, alter, city, béhavior, street, experiment

#39: tweet, twitter, hashtag, retweet, disinformation #23: ego, similarity, gender, snopee, stranger

#23"Botygor

#8: moral, player, lead@r; tv; ncnmmmdiv\on

#34 ewom, language, genre

#1: candidate, rumor, populist, congress, campaignir

#5: woman, Image, flj'lrr,rmun, visual
. #2itopic,
#12: ad, black, identiy, e
ter,

action,

#37: political, uncivil, sharing, rating, wit
#38; party, voter,

#35: video, sentiment, incivility, trump,
#17; game, team, climate,

#31: coverage, pro, company, press; baard #30: tms, norm,mdusny./n
o} partisan, attitude, effect

rate

bias, citizen, usage

g1 [ &2 W £23 FHE4 %5 M %56
B 4 EFXRBSZOMEAR
GE: EFBEAFRBRERRR “E£3” BUASTRRER “SR” , KEEDIRG AT BB SiHEER K345
EPEZPTABRCS THAEN Y, AMASRMNKEAITFSITITIR; MELMIBE: A =40; FEo =
170; WL =0.218; #HHIEH =0.301)

A1 CAi e 20%) 32 B0 ST R EAS 25 JR TF IR X 45 43 B (5 )% node, centrality, ego, alter,
community, followee, retweet F£ %) HBIMW AR M (S genre, language, hashtag 55 5 H#
W), ThEHIMLEE 8T (W K& image, visual, gender, leader %5 58817 ) o 1ZAIARE T Ay 4L Y
) “HFIRIE” ARG (s HERE) , FERRIARI B E T E T & AR U
HAYARRALHE Ogan 1 Varol[21]458-5 15 FH WX 28 73 A AN 25 0 A 7 V2R R FU e 72 L B H At 2218 524



RPYE A, R RIS KA (tweet) « FERIMESL (retweet) 7E WG BAEFIT N
HATHLE, DURIH KAT ARG P AT RS 3SR [22]/ G B Sh ik STt 5 4% 4t 25 50 ik
BT HE S L B B T 3K . BRENHE S 2 Ah, A BAE S (eWOMD ik B Hh 177 i it
WGl 1WA ORI [23] — SR LT BB LN B T AN 48 20 BT 2 b R R ERIR AR AR R AR AN
THEAERROT T E ST, P B S AR N 28 AR T2 Botometer (F:T-IK 5 KA N A FIIK 5
[ B AN A B RARHO RIRRBUA LI H A P AL S AR 38 A= A 152 [24].

Gl 2 (L 17.5%) AT 1 8RR S 7k I 5, S0 E IS T EAE R TR R
FZ oAt VOB . BLFER FH X 28 3 A 55 T80 A S EAARAT 3 32 P ORBEAT B Cactivists) AT
TEHESE (discursive frames) BFEATIRAI[25]. FIH B 84k A 512 Rk I8 fa WL E4F (crisis events)
A A A FIHESE 24 (frame building) REE[26]. BEAL, X—ATUBIEE S T V2 BHAE RE A DS IS,
ELUnfE A B Uit 28t (TMS, transactive memory system) A 5 HE A 78 U 2iE Rk (game)
HIFER (team) 5 T WHATSZMAIJE R 45 (6] LA A4 2 [H] (1) & LA 4K Copinion polarization) 5

CIE A E R TAE”  (cyberbalkanization) [27] B4 N 25 W] 43K 5¢ TR SR HL 0 Ce-
cigarette) HIHEAMIE (population norms) S5/ ™MARIE (individual norms) [28]. X — 4z H ik o 1)
VAR F B4y iAF Gidentity)  FERAFA (immigrants) « JEFE£EM] (criminal gang) 5.

AR 3 (HEE5%) SR EBSHE (Gournalism) AHrE T/E# (journalists) ZEPJAHIC,
AU 5T AL HE R T ) SCAR AT B 340 HT[29-30] 45 S HpEM S (W: popularity, virality, immediacy)
T HT [ IR 5 52 A0 (8 2R AT 2 R ORBR[31-32]). AR Seir) s B 5L 2 K N TN 2550 Hr AT
XFEERH A, AR RR IR £ VR B SR T 2 M ANE v Re,  bhan s H F A s oA

(event history analysis) . & ==K R %: (Granger causality test) SR+ Bk (1357 8] 4= 7= S8 (8]
L .

ik 4 ChEE15%) EEREM2IES) (social movement) 514325 (social engagement) ,
X8R T T N, R FRINER N2 g & rk 22 W48 70 A A O Fn R A 72
TELEIBUE PR 48 T8 A0 [33], 456 E TE TR IE B0 e I B 20 SCAR J3 A SR 0 VR AR I8 58 a4 52 e
Reddit Wl TE 26 18 [34]. PR B FBEA M4 HAHRE EIEITE) (voluntary action) « fEZHT
W Conline protest) 4.

A 5 (L 17.5%) [FJEF TR, S FBUATEIE . X —4U80R 78 77 BUE il B 2% D) %,
HA — @ FESRARYE . BTSSR SR BN, B 70 E AERR Y28 . SRR, BUa T
3% H T AR R OGN IR T DL R UG BUA TR SCH Ceivility) F2EE. SEUREEMA

(partisan media) X N PJHRIE I WL XFEUA S BB R/ (selective exposure) 5 & LAk
1t (attitude polarization)  FEEITFEHHIET (rumor) 5EMEER. BIREENIIL (ideological
extremity) 5.

s 6 (5 25%) EEFRIMH P (user/audience) /2 (exposure) AHICUPH. X FH A HE
AFET R W E R A BRAVRY" (privacy protection)  BIEEHEF 24 (algorithms and
recommender systems) « BT [E$ i (fake news consumption) « AN (user-generated
content) , A MEIEMHLIE (Internet geography) « H /A& (audience overlap/duplication)
SEF B A AOT FERIIRZ o GIFT LA 1) SRR 2 Taneja 55523 HIWTFT[35-36], A AT IAE B 4%
RS R TT 1 E K E X B A R e S 22 e, IR B R BoR
GUT I R XTI G BT A RE . 2t Mukerjee 5 [37] M3k ) ) 35 22 i P &t R 3EAT P
R 2 L5 0L I 28 PRI R T o 18 T G 2R ) T R TR RO VR S JE T AR G 2 A T I A



4 3 E T AR A A E KRR

TR 252 FvHEAEREI R ST ORI R, ] DU I T AR R AR A R R R B A A U
WEES- & EIEFIREE . i B r A BE R [ E R EERH S B SR T e
SITIEN B — RF 77, R Z ot 2 UGEE it . B4 Hilbert[41 P R7R 1, T AL JEE W]
AEREEEREFLBE LA VL B i o BRIk, LB s TR A A B e R [ Y T A R S L
BIRATTEEMP R XHPOFEEART: 1D FEEARIRE ). W Possler 55 [38]1 15 1,
ORI MR A B SEIER AT 61E. M4YTEL. ¥ API (Application Program Interface,
MO fENMZ PR, XACERI A E TR AR AR A, HE ARV
¥R ERRE /) (. ARERME. 4EEATTE) FMEARPICHEEIR; 2) ol &smsrs. if
HALRRBE T, BRI REAR A, EH ATV EE B m IR R TR M S5 1
IATH R AT, WFT 8 S ML BT AR OC IR R FE « B0 45 0 1) B R G A5 e ) DA/ B s o 2k
Bl 1) 73 B 5 925 PT REAE DAMEAT KB 53 R B0t o A AR 55 . H AR N AR 3% 2708 BRI 70 IR b 2R IR 4t
THBE AT AT ST AR IR o A B b, SRTATTHSRAE R BI 0008t ) 7 2 B R 4R AR A I H K R ARFAE,
BEINZE 1. R AR S (U0: King, Pan, & Roberts T 7EL 8 & IHFFT[39]) » B A0
REIR M T SR U H A BRI 9T (1) AR A HE BB B 4 (6 T8 2 I AE S HO AL 52 S50, 1% T ix de g
TR RIS A 2 B T E 8T B A 722 208 BT R 3D BRI R ). AR TR Al
H it RAS IR 7T K AR G AT 7T, T AL IR 7T I8 S o e AN 2 Fe B O I B, IX ]
FERRITRF e SR e F AR . Ak A B (0. Pak AESCHEIE[40D « AOTEL W
B (20 Rochert 55 1 & LR EWT 7L [41]D) S8 ARt T 20

FRETTE E B, S AR R SO AT AR T A AR R R DU TR RS
FE GRS  7L 2 AT AR I AR, D AR E AL JE Rl eV R N0 T i, T ol i 22 50 2 s
MR IEATIOUE, B .. Sl IR, AR — i R EVCONREEI A “ RIS
0"  (the fourth paradigm) , I\JYIX— G AT DAE R EHE 1) 5 # T WBRIRIKS)) (theory-driven) 7E
RIS (data-driven) , JAZNHEEL 2 B KR 5 F (L Kitchin F18R[42]) » F5LE,
A BT B KR 4 v ot B v SR SR T ORI S BAR B T, X eI FEAT AT A B A B I )
] @ SR ER O, HILR HUARIRE A A 357ttt BURS. OHEFEZ AR, WFE
Gould[43] 5 : “HHikizA AT, HANFERE. . BEEEEEN 22 A st st
PRBEEMESAEZE 48 S, LR IREHEG R Sty P . IR AR, 2 E A IREh . HACREHRI . 7
Rlt, (&2 LA “Hain £ X7 e SN BRI IERRFFEY, ik
R BN T INBUR THEAERRIT T, ARSI th 2 FSER AR R AT Wt BB B
()T SRAL SRR S04 R AE BEAR B B ) 4R 3 AR AL E N AT AR SE R B s N I R %, B
TTRER BRI L. AHEC T Wr S A e NUR T 5 —Fh@ e X, EEFEEMESY
TR R A EE IR AR, W (abductive) « VHZ4 (inductive)  7#%F (deductive)
PRAR I IR, FHES T B SR AHEIRUERIB) 3[42]. XM T E A T AR A A R R, )
TR ROXBh E AT 2 WA 2 SRR, KB SR S B IR, g E B — RAIA A
W ER AR, FAE BT RAL RR I TR R 1) — RAHT BT R T 9T 0 6 W7 K e A RS % .
AL IR FURFETF OIS, AR, T E LT AR S A RS, 2Ea X
. B BSBURIII TR, M ADE SRS BUNEN IR IR R, BRFANE. HeE
X5 T EAHT I = g —
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