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Abstract: This paper takes the Song Dynasty stone carving patterns in Luxian County as the carrier,
excavates the knowledge system of Song Dynasty stone carving patterns, and constructs the knowledge
map of Song Dynasty stone carving patterns. On the basis of the classification of the stone carvings of
the Song Dynasty in Luxian County, the analysis of the core metadata of 35 types of movable cultural
relics and the combination of expert knowledge, pattern metadata and pattern knowledge system are
introduced to deeply excavate the stone carvings of the Song Dynasty in Luxian County. Furthermore, a
set of knowledge graph construction paths based on the Song Dynasty stone carvings in Luxian County is
built in this paper: knowledge graph design, tagging (keyword extraction), structuring (named entity
recognition, relationship extraction), knowledge graph storage, visualization, which provide solutions for
labeling and structuring traditional culture data.
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