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Traditional clothing image annotation algorithm based on
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Abstract: Chinese traditional clothing image is an important part of Chinese excellent traditional culture.
The image connotation is rich, the space-time span is large, and the understanding is ambiguous. There is
an urgent need for a set of semantic interpretation methods for it. A large number of image annotation
algorithms mainly focus on their respective vertical fields, and traditional clothing images are still facing
the challenge of improving the annotation accuracy. This paper takes Chinese traditional clothing images
as the research object, takes dictionary learning multi label tagging method as the research method, and
proposes a multi label dictionary learning algorithm integrating deep multi-layer structure framework,
which improves the tagging performance by combining dictionary learning and multi-layer structure
framework. Finally, the correctness of this idea is verified by comparative experiments.
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